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Optimization of Color Space Conversion in BP Neural Network
Based on Particle Swarm

HONG Liang, LI Rui—juan
(Henan Institute of Engineering, Zhengzhou 450007, China)

ABSTRACT : Objective To study the method for prediction accuracy of color space conversion of monitor in BP neural network
optimized based on particle swarm optimization. Methods The weights and threshold of the BP neural network were mainly opti-
mized through the improvement of data normalization and maximum limiting speed, inertia constant and the fitness function, in
order to reduce their distribution range, and predict the color difference through the BP neural network method. Results
Through improved particle swarm optimization algorithm of BP neural network prediction model, after 20 times of tests, the av-
erage color difference reached 2. 8526, and the minimum average color difference reached 2. 0453. Conclusion The results

showed that the method could greatly reduce the probability of BP neural network prediction model falling into local minima, re-

sulting in good non-linear fitting capability and higher prediction accuracy in color space conversion.

KEY WORDS:: color space; neural network; PSO
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Fig. 1 Flow chart of BP neural network optimization

based on particle swarm optimization algorithm
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