¥37% 13
2016 4 7 A

(N N

E T SVM myt=# = 515 5l

FhFE, Sk
(HPUR2E, :I 430079 )

HE: BY PR EREI AW EGS RRAREGEME AR, Fi&k 4Bt TR
B, i%&%ﬁAﬁiﬁﬁm%%ﬁéﬁ%ﬁ%ﬁ L, ResafeE =y midtiT, REERR
REWEMBGEY, AAIFGEN> PR EMBEASR, &R AT LR 3AERSFIEONE, EF
EHRATHEAGAMIALS, FHER LHSZTIS LR TR EF RN R 5 B Z 808 B 1%
FoZ AL, 40 IRBPCEM B LF R4 IE, T 8 A TR EAREALH B 675, HiE A L
BN RXEREMELRS, b 2 TRA TEGLZATE, JRAHFE 8 FEGEBMBIE,
KA BB, FAEFREG; SVM; iR %)
FESES: TP391 XEIFRIRAE: A

XEHS: 1001-3563(2016)13-0179-05

SVM-based Recognition of Blurred Image

WANG Xiao-ying, YI Yao-hua
(Wuhan University, Wuhan 430079, China)

ABSTRACT: To study how to accurately recognize clear images and blurred images at different degrees, three characte-
ristics of images were firstly extracted from the following three aspects: statistical characteristic of frequency coefficient,
and kurtosis coefficient and saturation in Discrete Cosine Transform. Then a blurred image could be recognized by sup-
port vector machine (SVM) from the library of blurred images at different degrees. The combination of the above three
image characteristics were very suitable for describing images blur. And the Support Vector Machine could distinguish
Gaussian Blur images and clear images very accurately and rapidly. Extraction of the typical characteristics of the blurred
images can be applied to the recognition of images with different degrees of blur. And the accuracy of support vector ma-
chine classification is relatively high. Therefore, this method can be applied to the early stage of the images processing, to
eliminate some blurred images that hinder information expression.
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Fig.2 Blurred images at different degrees
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