Fa0t HSH o T
201943 A PACKAGING ENGINEERING 155 -

Monte Carlo

i}
(VOB K27, V% 710021)

B AT MR EEANITER KGR AR TR R R A R B E RS,

P b — AR A T AT ST A 5 &P 45 4 B 4749 Monte Carlo ¥ 358 F B fotf b ZAEAR A F ik B
MR 5 kR SR R A TITEHM P A, Bt iZ 7 ks F W KT E R P -TH ARSATIRAL,
DS ETRMAEAR , KRG A Crystal ball 24 s FRME 4T = KB AR, &R HO WA, EAEF
EHATIRM B, AAERZT 45%, FRFRNAMLRN THREAEL F a2, AL T RIEA N K T ab 4B
FE, G TAH LR ELLRBEEHGITETRNGZE, ARSGENELANRETE, RS T4oL
# B ATRCE

Monte Carlo; ITEFRM ; = 468 E

F224 A 1001-3563(2019)05-0155-07

DOl 10.19554/j.cnki.1001-3563.2019.05.021

Forecast and Decision Analysis of Exponential Smoothing Order Based on Monte Carlo
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(Shaanxi University of Science and Technology, Xi'an 710021, China)

ABSTRACT: The paper aims to propose a Monte Carlo seasonal exponential smoothing and job capacity model based on
order forecasting and production line balance, to solve the problem of unreasonable staffing caused by the uncertainty of
the order arrival of e-commerce enterprises and the particularity of warehousing operations. The probabilistic statistical
method was used to solve the problem of incomplete ordering. The smoothing coefficient in the seasonal exponential
smoothing method was optimized by this method to modify the prediction model. And then the software-Crystal ball was
used to optimize the production line scheduling. The analysis of the example showed that when this method was used for
prediction, the accuracy was improved by 45%. The predicted value was used for the sorting operation capacity arrange-
ment and the optimal number of people and the distribution of working hours were determined. It can provide accurate
forecasting information for e-commerce companies, as well as reasonable staffing solutions to improve business efficien-
cy.
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Fig.1 Exponential smoothing simulation prediction
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Tab.2 Production and sales balance, cross-regional
personnel combination
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Tab.3 Production and sales balance operation time, per-
sonnel combination
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