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ABSTRACT: The work aims to propose a method for rapidly recognizing the state of the elevator hall door based on the
YOLO model for the problem of the elevator hall door packing state recognition in the flexible production line robot of
elevator hall door. The industrial camera was used to capture the container image and make a sample training set. Then the
training set was input into the target recognition classification detection model, and iterative training was performed by
adjusting the network structure parameters. After testing and verification, the recognition method proposed had a success
rate of more than 99% for hall door state recognition, and the recognition speed was obviously superior to the traditional
machine vision processing algorithm. The rapid recognition method for hall door packing state proposed can effectively
solve the problems of low recognition efficiency and high misjudgment rate of traditional machine vision processing al-
gorithms due to complex and variable illumination factors in industrial environment, and can meet the beat requirements
of production system.
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Tab.1 Software and hardware configuration

Tab.2 Training parameter configuration

Batch size  subdivisions Class filter Learning_rate

ey

CPU
GPU
LR

Intel (R) Core (TM)

i5-6500

NVIDIA GeForce GTX750Ti

cuda 9.1, Python 3.5, cuDNN 7.0

Learning_rate

64 16 2 2 0.001
3.2
200
YOLOvV3 Faster R-CNN
3
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Tab.3 Comparison of test results

RSt HERR /% FERRC R RDAS DU iR

Faster R-CNN 95.0 10 2
YOLOvV3 97.0 6 60
YOLOV3-tiny 99.5 1 60
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