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ABSTRACT: As a design material with unique attributes, human-centered artificial intelligence has become a new focus
of intelligent product design and brings about new challenges. This paper aims to analyze the characteristics of intelligent
product design under the background of Human-centered AI (HAI), summarize the current situation of intelligent product
design, and predict its development trend. It is hoped to provide reference for the future development of intelligent prod-
uct design. By comparing and analyzing the difference between machine learning and design thinking, this paper ex-
plained the attributes of intelligent product design under the background of HAI. This paper summarized the current re-
search status and existing problems from two aspects of design methods and design tools, showing the development of
human-centered intelligent product design. The design of intelligent product is gradually shifting from technology-driven
to human-centered, as well as from the perspective of machine learning to design thinking. However, there is still a lack of
design methods and tools tailored to artificial intelligence. The design practice of intelligent product requires new meth-
ods and tools that conform to the characteristics of artificial intelligence, so as to bridge the gap between machine learning
and design thinking.
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