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Big Data-Driven User Experience Design
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(School of Design, Hunan University, Changsha 410082, China)

ABSTRACT: The work aims to study the theoretical research and practical application of big data technology in the field
of user experience design. Through the research on related literature at home and abroad and the analysis on practical ap-
plication of big data-driven user experience optimal design in different industries, the typical application scenario was
summarized and the change and development of user experience design in the big data era was analyzed. The application
scenario and implementation methods of big data-driven user experience design are discussed systematically. 5 applica-
tion scenarios including recommendation system, user portrait, requirement analysis, availability analysis and intelligent
decision-making are clarified emphatically and those reference frameworks are provided. According to the current theo-
retical research and practical experience, it is proposed that the research on big data-driven user experience will become
the trend of the main methods of user experience research in the future. The research method will also be changed from a
single quantitative research to a combination of quantitative and qualitative research. More dimensions of social big data
will be used widely, and data security and privacy infringement issues involving user privacy will also be gradually paid
attention to. The combination of artificial intelligence technology and big data technology will further expand the appli-
cation scope of user experience research. New technologies such as in-depth learning, cognitive computing and social
computing will gradually cover problems that cannot be solved in the traditional big data user experience research field.
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Fig.1 Elements of user experience
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Fig.2 Recommendation system reference framework
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Fig.3 User portrait construction reference framework
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