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ABSTRACT: As an important content in the research of intelligent driving and traffic system, traffic signs recognition
system has great theoretical value and application prospects. Especially, the text-based traffic signs contain rich high-level
semantic information, which can provide rich road information. Therefore, according to the design and implementation of
a new end-to-end text-based traffic signs recognition system, it can effectively alleviate traffic congestion and improve
road safety. The system mainly includes two visual tasks: text area detection and character recognition. The system is im-
plemented based on deep learning technology of convolutional neural network. First, resnet-50 is used as the backbone
network for feature extraction, and the FPN-like structure is used for multi-layer feature fusion. The fused features are
used as shared features for text detection and recognition. The text detection block locates text areas and outputs coordi-
nates of candidate bounding boxes. The character recognition block outputs the text strings corresponding to the entry.
The experimental results show that the system achieves great performance on the Traffic Guide Panel Dataset, and the
F1-score is 71.08%. End-to-end text-based traffic signs recognition system is of great practical significance. According to
the deep learning technology of convolutional neural network, we propose an end-to-end text-based traffic signs recogni-
tion system. Extensive experiments on publicly available dataset demonstrate the state-of-the-art performance of our method.
KEY WORDS: intelligent driving; traffic signs; text detection; character recognition; deep learning
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Fig.1 System structure
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