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Research on Optimization of Bounce Visual Flow Web Interface Based on Random Forest

WEI Yan-li, LIU Yu-wei, ZHOU Xuan, LIU Han-yang
(HeFei University of Technology, Hefei 230000, China)

ABSTRACT: The random forest decision tree is used to predict the probability distribution of the visual competition re-
sults of the WEB bounce visual flow interface, which provides a basis for determining the rationality of user visual flow
on WEB interface and the user visual flow for optimizing the page layout. The main characteristics of the inter-
face-bounce visual flow are discussed, and so the proposal that visual flow characteristics of the random jump of the WEB
interactive interface are derived from its intrinsic visual competition mechanism is put forward. The conjectures for the
competition influence factors is proposed and verified with a large number of control variables visual competition ex-
periments, and the conclusion on the correlation between factors and visual competition results is obtained. For the vari-
fied impact factors, the experimental data is used to train the random forest algorithm, and the decision tree of the simu-
lated competition process is constructed to carry out optimal experiment to actual cases. The constructed random forest
decision tree can better simulate the visual competition mechanism of the bounce visual flow. Through the interface opti-
mization experiment, it is verified that the method can significantly improve the user’s visual process.
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Fig.1 Several common visual flows
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Fig.2 An example of bounce visual flow
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competition in the sensory area
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Tab.1 Impact factor validation
K54 Bk A7 ik RS U ESER TP
JCRMA SEFITR I HFR /N L A JTE A B LR A LU H LEBS
ORBE TR IR ORI X WA B R GRNFEE, BOEERT 0, HX
REBENT 0
TLRCE EHRIURI P @RS X L BUTA B R HSL %5 [0 58 B2 1 F X AR
W SES TR AT R L BUIATIR R HSL =3 () {0 F1EE (9 -F- 2408 AR
BISCai PR 2 A B A SO SEBME R 1, BEEHR O LEBS
SRIICER GRS BRI . A LT R I SR SRR TR 1 AR S H] 5 L LEBS
SESRPAMETTR 1Y Ll
W JT I RS AT R AL Bl 5 1) mA . 1 NEER 1, mA ) EEER 0 JLT AR
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Tab.2 Partial experimental data
TAFS TRmM ORIRE  JTRSEE WAE SSIRA KOCEi mIEOTER WEhUrm shiEy 45
01 1.0431 487 -0.45952  -0.34525 0 0 0.6 -2 0 A
02 0.4297 1932 0.1432 -0.2289 0 -1 0 2 0 B
03 0.4051 -182 -0.1391 -0.08 0 0 0.1 0 0 B
04 1.6288 208 -0.1021 -0.0765 0 0 0.5 -1 -1 A
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Tab.3 Partial eye tracking experiment chart
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HREE<-0.037
gini =0.483
samples = 33
value = [29, 20]
class =B

iR <-0.009
gini = 0.496
samples = 26
value =[16, 19]
class = A

WAME <0475
gini = 0.401
samples = 12
value =[13, 5]
class =B
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Fig.4 Competition model of bounce visual flow element
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Fig.5 Interface and heat map before and after optimization
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