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The Intelligent Classification Method of Yao Patterns
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(Guilin University of Electronic Technology, Guilin 5410004, China)

ABSTRACT: In view of the complexity and time-consuming problem of artificial classification, the work aims to use the
artificial intelligence technology to classify the pattern intelligently, soasto effectively reduce the time-consuming and
improve the accuracy of classification, which can also further promote the spread of the connotation of pattern symbols
and ethnic minority folk culture. First of all, this paper analyzes the value of intelligent classification from the perspective
of semiotics and communication, and then, collects the pattern symbols on Yao costume and Yao brocadethrough literature
research and field investigation to make a dataset. Finally, the data set is trained and tested by CNN algorithm and Faster
R-CNN algorithm respectively. The training and testing show that, both algorithms can realize the intelligent classification
of Yao patterns, and the average accuracy of recognition is high. Among them, the intelligent classification method based
on Faster R-CNN algorithm can locate and refine the classification of multiple patterns in the picture, which is more
suitable for the actual scene. It can be combined with new media communication to further explain and spread the Yao
folk culture with the help of folklore symbols, which has great value and significance for the protection and inheritance of
intangible cultural heritage of ethnic minorities.
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