£ % TR a2 161
16 PACKAGING ENGINEERING 20214 8 A

3D FTENFIE BB AL & T EE B REAL = miiTiRINIRER

EE, PX—, W, =8, #EE, A, KE
(REARIMYE R, i 200062 )

WE: B ATHERIREANZ M ERBEAREZ ST 5 F = ik b b HE AR A, 3D 479 T
VAMLik AL ki, AT mxﬁé’}v‘f’i‘%w»‘c%ﬁﬁ R BFIREALFEREALZRET P
B, ¢4 3D AT R Pk, BaREXFARBGTIHERX, Fik AMEAEARKEE, AR=%
TRV AR, Bt AB ARG K STH IR E BB AL TRt — i, REZTHX
B, RALMARTELE, Bl 3D Tt £ AAAIFEAERFERKBEHAIRSE, memlx
HFEHFGAEE, FABRRXITITE 2 HEMNE, 3D T H b ey @ A 8 T % se %,
AL AL - kit

KW AIFRE;, AREK;, ZEWS; Haeikikit; 3D 4TH

hESES.: TB472 XEARIRAD: A XE4S: 1001-3563(2021)16-0016-06

DOI: 10.19554/j.cnki.1001-3563.2021.16.003

Combination of 3D Printing and Generation Technology in
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ABSTRACT: The generation technology of deep neural network of artificial intelligence has not been maturely applied in
3D printing technology and product design. 3D printing can help the rapid realization of product design and facilitate the
form and effect evaluation of intelligent design. It is hoped that by exploring the application of artificial intelligence
technology in product design, combined with the rapid output of 3D printing technology, a new model of short-run intel-
ligent design can be formed. First, a dataset based on a reference product is created and treated as 3D shape data to train
the deep generative model. Second, s large number of 3D product forms formed in a short period of time are given to de-
signers for further optimization. Finally, after proper format conversion, the 3D modeler will optimize the meshes, render
the textured product design and output the results through 3D printing. Using artificial intelligence generation technol ogy
to promote human-machine fusion creativity can improve the richness of design schemes and inspire designers to have
more form creativity. The convenience of 3D printing output improves the overall design efficiency and realizes the
short-line intelligent product design.
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Tab.1 Designers and engineers different tasksin different stages of mor phogenesis

i

o MO HORET RRRE  ERMORERE R R %
K Be AT 55
o PRI e ST B
B i B R N N N —
it R psppatay EREEIE i memaints
= ATk B T AR
i | TEREOIUOE OIRGEIEN  REROHTEN, X RO, (L
e T MNASSEGT SRR RSB ST 3D TRVt
b HLOBCGESE PRURREUHR  f e iR T




9424 5 161

BEAF: 3D fTEIRA R AL &

TR REAL " BT RER R 19

% 2 RIHImAN TRRIRFER S E AR T 2 B B R R 4FE
Tab.2 Designers and engineers' different characteristicsin different stages of mor phogenesis and design
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