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Overview of Human Behavior Recognition M ethods Based on Sensor Data
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(Key Laboratory of Advanced Manufacturing Technology of the Ministry of Education,
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ABSTRACT: This paper reviews the latest developments and research achievements of human behavior perception using
sensor data, which provides technical support for human behavior recognition application of multi-modal data-driven ser-
vice robot. The paper summarizes the latest developments of user behavior recognition methods from four aspects. The
data perception and behavior recognition technologies based on wearable sensors are introduced, the behavior recognition
method based on computer vision or environmental sensor data is summarized, and the identification and prediction
method of abnormal behavior is elaborated. Conclusion could be drawn that the research on behavioral perception up to
recognition of service robotsisstill in the preliminary stage. It is also pointed out that the intelligence level of robot-based
elderly care products is expected to be improved by comprehensively modeling human behavior using multi-modal data.
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