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ABSTRACT: This paper reviews the recent progress in cognitive computing and intelligent design to promote the inno-
vation and application of intelligent design based on cognitive computing (CC) from such six aspects: user requirements
analysis, mechanical innovative design, image generation, disease diagnosis, application of cognitive computing on In-

ternet, product evaluation based on CC. Intelligent design based on CC improves the design efficiency and steps up the

automation and intellectualization design, nevertheless, it still faces many opportunities and challenges.
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