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ABSTRACT: To improve the continuous sign language recognition accuracy and alleviate the communication barrier
between hearing-impaired people and non hearing-impaired people, this paper proposed the continuous sign language
recognition algorithm based on Global Attention Mechanism and LSTM (CSLR-GAML). The video data is preprocessed
by applying inter-frame difference to eliminate redundant video frames, and then the feature sequences of the key frames
are extracted by using ResNet. After that, the attention mechanism is used to update the network parameters, which is ca-
pable of obtain the global feature of sign language, and then the LSTM is employed to finish the timing sequence analysis.
Finally, use the Chinese continuous sign language data set CSL to check algorithm performance. And the experimental
results show that the average recognition accuracy of the proposed algorithm is 90.08%, and the average word error rate is
41.2%. Compared CSLR-GAML with other Five algorithms, the proposed CSLR-GAML has advantages in recognition
accuracy and translation performance. The sontinuous sign language recognition algorithm based on Global Attention
Mechanism and LSTM realizes continuous sign language recognition, and has good recognition effect and translation
performance. It is of positive significance to promote the barrier free integration of hearing-impaired people into society.
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