a4t 4l % T
2023 4% 2 H PACKAGING ENGINEERING

[Pk s st A RIBFR T R ST AT
SR IS EBZITIIR

skl ', 2, B, TiF
(LAbET R 24P, Jbat 100029; 2.3FME k2%, dbil 100091 )

WE: Be BAGZRE A H T B, LRRETIN T EGBR, @it Z gRAGERS G =
U FHREHRFR RO ENER, TRAEBRFIAELETGEE LR, TEOAHTRE, Fk AT
G AL FHAREASATRE, S = A G R A S B AR 09 0 ZALIRER; 35 A A0 2 F 45 69 4L
BFEIALEFEABELE, NHE—NMALKHRREY A ATV, ARZGHAHBE, FHRMK
MG ERAEREZGEHARNNE, R ABRIRMGEFLA A, BRI EME, Ak, %
W E@EARRI, AR, Zf IS0 LGB AR me g o A Rk X512, B m AREEAA
BRI F R EL AT, &8 5GBS AL T E 0 ILRIBAG = STl S AL AL T B A2
BRERIAAERRE R, AR F 2 R GE P8, RILREMEE T L, M. 2AF 5 @REIR
M E LR MRS SR, AR EANFG A F, SRR LA R Aot AR BAA F R A F 5L,
KW Akt ; BRRMSE; AMZE ML, AHiLikit; Grasshopper

RESZES. TB472 CEKFRIRAD: A XEHS: 1001-3563(2023)04-0001-08

DOI: 10.19554/j.cnki.1001-3563.2023.04.001

Generation Design of Traditional Costume Pattern
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ABSTRACT: Costume is the main field of China's culture innovation and the main way of showing culture. The work
aims to break through the limitations of the generation and derivation of previous clothing patterns in plane dimensions
through the transformation and generation of two-dimensional traditional clothing patterns into three-dimensional solid
jewelry and products. Based on image technology such as edge detection and manual tracing, abstract extraction of
two-dimensional traditional clothing pattern images was realized. ANN machine learning algorithm and computer graph-
ics algorithm were used to train a traditional contour automatic shaper to generate three-dimensional jewelry shape to
generate three-dimensional parametric texture from two-dimensional image of clothing patterns. Taking traditional auspi-
cious patterns of clothing as an example, a pattern material library was formed. On this basis, the design path of plane
pattern extraction, three-dimensional shape transformation, three-dimensional texture transformation, texture to mapping
shape generation and design was realized. Its feasibility was verified through the practice of design application software
system. Establishing the transformation and personalized customization path of modern clothing products with traditional
clothing cultural elements, solving the separation between traditional culture and modern consumption and modern indus-
try, promoting the structure optimization and transformation of the clothing industry from the aspects of modern additive
manufacturing process, materials and concepts, and injecting new strength into it are of great value and significance to the
protection and inheritance of national costume culture.
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Fig.1 3D generation design framework of traditional costume patterns
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