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ABSTRACT: The work aims to summarize the application status of artificial intelligence (Al) technology in Kansei en-
gineering research, and analyze its key technologies, existing problems and research trends. By summarizing relevant lit-
erature at home and abroad, the basic research fields of artificial intelligence were analyzed, and the general process of
Kansei engineering research was taken as the main line to discuss the application of artificial intelligence in three main
links: acquisition of users' emotional intention, extraction of product design features and construction of mapping models.
The extensive application of artificial intelligence in Kansei engineering research greatly improves the design efficiency
and accelerates the automation and intellectualization of design, but there are also limitations. In the future, Kansei engi-
neering will become a new trend by combining with generative Al. More powerful and efficient artificial intelligence will
bring new opportunities and challenges to the design industry.
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Fig.1 Relationship between machine learning, deep learning, reinforcement learning and artificial intelligence!®
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